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Can we learn to active learn
under fairness parity constraints?
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(Goal: can we manage an efficacy vs annotation
cost trade-off under a target parity constraint?
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Experimental Results
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Experimental Results
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Conclusion

Q: Can we learn to active learn under fairness parity constraints?
A: Yes, using meta-learning + Forward Backward Splitting;
We compare to alternative active learning strategies;

PANDA outperforms alternative strategies in most setting.
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Questions?
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